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Fig. 1 Estimation and correction of the gravity vector.
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Fig. 2 System configuration diagram of the proposed method. Fig. 3 The experimental environment.
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Table 1 Errors in estimated pose and position

errorin ... Xw [M] Yw[m] Zy[m] Euc.dist. [m] | roll, [deg] pitchy, [deg] | yawy [deg]
proposed method +1.8843 -0.6136 +1.9233 +2.762 -2.069 -0.095 -0.300
LSD-SLAM +4.8471 -2.3376 +9.0677 +10.544 +6.922 -8.721 +18.257
Gyrodometry +2.0761 -0.2382 -2.6726 +3.393 -2.984 +6.970 -0.963

- Proposed method

+ LSD-SLAM —_——— -
+ Gyrodometry = s

() perspective view (b) x-yplane
Fig. 4 Estimated trajectories of the robot in the experiment.
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